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Abstract. Hypergraph research has been thriving over the past few
years, with a growing interest in a plethora of domains. Despite this
remarkable surge, the lack of a comprehensive platform for searching
and downloading diverse and well-curated datasets poses a significant
obstacle to the continued advancement of the field. This absence hinders
the ability of researchers and practitioners to validate and benchmark
their hypergraph algorithms and models effectively.

To bridge this gap, we present HypergraphRepository, a web-based data
collection aiming to serve as a centralized hub for hypergraph datasets,
fostering collaboration and knowledge exchange within the hypergraph
research community. In this paper, we detail the platform’s architecture,
features, and the collaborative framework it offers. HypergraphReposi-
tory is a GitHub-based open-source project.

Keywords: Hypergraph repository - Community-driven - Interactive -
Web-based platform - Network collection.

1 Introduction

Hypergraphs are the natural representation of a broad range of systems where
high-order relationships exist among their interacting parts. In technical terms,
a hypergraph extends the concept of a graph, allowing a (hyper)edge to con-
nect an arbitrary number of nodes [11]. This extension proves invaluable when
dealing with systems exhibiting highly non-linear interactions among their con-
stituents [6]. In practice, hypergraphs become essential for modeling complex
group interactions that cannot be adequately described through dyads (and,
hence, via graphs). This modeling approach is particularly apt for capturing
social systems where individuals engage in groups of varying sizes [23]. For in-
stance, in the case of a co-authorship collaboration network, a hyperedge may
represent an article and link together all authors (nodes) having collaborated on
it [3]. Further, hypergraphs prove useful for embedding sociological concepts to
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explore the dynamics of opinion formation [27] and social influence diffusion [2§]
when groups are explicitly taken into account, as well as for modeling epidemic-
spreading processes to expressly consider community structure [8], and group
dynamics [5]. Similar situations involving high-order interactions are evident in
biology, ecology, and neuroscience [6].

In contrast to graphs, the literature on hypergraphs is in its adolescence
thanks to a recent rise of systematic studies demonstrating how the transfor-
mation of a hypergraph to a classical graph either leads to an unavoidable loss
of information or creates a large number of extra nodes/edges that increases
space and time requirements in downstream graph analytic tasks [3]. This re-
cent attention toward hypergraphs is reflected in the absence of one or more
established repositories that offer readily available benchmark hypergraphs. The
lack of standardized benchmark datasets may pose a challenge for researchers
aiming to assess and compare claims, hypotheses, and algorithms specifically
designed for hypergraphs in different application scenarios. Addressing this gap
could potentially contribute to the growth of hypergraph research and foster a
more robust understanding of their applications and implications across diverse
fields while favoring the open science principles [12]. To this end, our paper
introduces HypergraphRepository, the first open-source, community-driven, and
interactive hypergraph collection. Our project stands on two fundamental pil-
lars. First, its primary objective is to establish a dedicated space crafted by and
for the community, allowing users to contribute by uploading their own datasets.
This collaborative approach ensures that the repository evolves organically, re-
flecting the diverse needs and interests of the hypergraph research community.
Second, the repository’s interactive design aims to facilitate the exploration and
comparison of a broad spectrum of datasets. The contribution of our paper is
two-fold and can be summarized as follows:

— We introduce HypergraphRepository, the first systematic hypergraph data
collection, where researchers can quickly and interactively compare, explore,
and analyze data in real-time via a web-based platform. HypergraphReposi-
tory is open-source and available at hypergraphrepository.di.unisa.it.

— We provide an open-source community-driven data repository where users
can contribute by sharing their own data and insight through a system of pull
requests handled via git. The hypergraph database is available at github.
com/HypergraphRepository/datasets.

The remainder of the paper is organized as follows. Section 2 reviews exist-
ing network collections. Section 3 describes HypergraphRepository, detailing the
dataset creation and uploading pipeline and the currently available analytics
features. Section 4 concludes this work, giving an overview of the current work
and potential directions for further development.

2 Related Work

This section reviews existing network repositories.


https://hypergraphrepository.di.unisa.it
hypergraphrepository.di.unisa.it
https://github.com/HypergraphRepository/datasets
github.com/HypergraphRepository/datasets
https://github.com/HypergraphRepository/datasets
github.com/HypergraphRepository/datasets
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Graph repositories. The most famous graph repositories are probably SNAP
[21] and Network Repository [26]. The SNAP collection, managed by the Stan-
ford Graph Learning Research Group, encompasses more than 200 real-world
network datasets from diverse domains and of various types. These datasets are
provided in multiple formats, ensuring their compatibility with a broad spectrum
of graph analysis tools. Launched in July 2009, the SNAP website primarily hosts
datasets gathered to serve the specific research objectives of the research group.
NetworkRepository is a web-based data repository for interactively exploring,
visualizing, and comparing a large number of networks. This platform also in-
tegrates social and collaborative features, enabling users to engage in discus-
sions, share observations, and exchange visualizations related to each network.
Currently, the repository contains more than 5000 networks sourced from 19
diverse categories (e.g., social, biological). These collections cover various net-
work types, such as bipartite and time-series networks, and span domains like
social sciences, physics, and bioinformatics. Both repositories come with their
own programmatic libraries or tools for graph analysis and possible support for
machine learning frameworks.

The KONECT Project [19,18] is another example of a platform where users
can download network datasets and visualize their statistics online. The project is
run by Jérome Kunegis, and the entire source code is available as free software.
The repository also includes a network analysis toolbox for GNU Octave, a
network extraction library, as well as code to generate all statistics and plots
shown on the website. Currently, The KONECT project boasts a collection of
1,326 network datasets in 24 categories.

Two websites where it is possible to download large graph datasets are the
website of the Laboratory for Web Algorithmics [10,9] and Amazon’s project
GraphChallenge [1]. The former offers a diverse array of graph categories accom-
panied by comprehensive statistics, including plots detailing degree distribution,
the size of the giant component, average and median distance, as well as the
harmonic diameter. The latter refers to the Graph Challenge data sets available
to the community free of charge as part of the AWS Public Data Sets program.

The Open Graph Benchmark (OGB) [15] and the I1linois Graph Benchmark
(IGB) [16] are two recent yet already mature projects tailored for advancing
graph machine-learning tasks, aiming to facilitate the creation of novel models
and the comparison with existing approaches. The OGB repository covers di-
verse scale graphs from various domains, such as biological networks, molecular
graphs, academic networks, and knowledge graphs. This project fully automates
dataset processing, providing graph objects that are fully compatible with Py-
torch Geometric [13] and DGL [29], as well as standardized dataset splits and
evaluators that allow for easy and reliable comparison of different models in a
unified manner. The IGB project specifically focuses on training and evaluating
graph neural network models. In particular, it provides highly labeled graphs,
including both homogeneous and heterogeneous large-scale real-world citation
graphs, with more than 40% of their nodes labeled. IGB is open-sourced and,
like OGB, supports DGL and Pytorch Geometric frameworks.
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Hypergraph repositories. As of our current knowledge, there is a lack of a
comparable repository dedicated to hypergraphs. The limited online resources
typically consist of personal web pages where authors provide downloadable
datasets used in their own work. Although this practice contributes to the re-
producibility of their research, it falls short of establishing a universal platform.
Moreover, this approach does not guarantee the expansion of dataset availability,
as it relies on individual efforts. The most notable example is Professor Austin R.
Benson’s personal website [7]. Among other datasets, on this webpage, users can
access 17 temporal hypergraphs, 11 node-labeled hypergraphs, 10 edge-labeled
hypergraphs, and 2 hypergraphs labeled with a core-fringe structure. A short
list of resources can also be found in the following pages [25,22,24,17].

3 HypergraphRepository

HypergraphRepository stands as the first open-source, community-driven web
platform designed to interactively explore, compare, and download hypergraph
data. The ultimate objective of our platform is to assist users throughout the
workflow of hypergraph-related tasks by serving as a centralized hub where they
can access various hypergraph types (e.g., temporal, directed, weighted interac-
tions) from diverse application domains (e.g., social, transportation, biological
networks). This approach is designed to streamline the initial stages of hyper-
graph processing, providing users with readily available hypergraphs tailored
for different tasks, such as community detection, hyperedge prediction, or node
classification /ranking.

The dual nature of being both open-source and community-driven opens up
a two-fold avenue for user contribution. First, users can actively participate in
dataset creation, modification of existing datasets and take on roles as commu-
nity reviewers. Second, users have the opportunity to contribute directly to the
platform itself by engaging in discussions about potential updates to the reposi-
tory. This collaborative process empowers users to request and add new features
to the website, including the integration of novel interactive plots. The entire
workflow, from dataset management to platform enhancements, operates seam-
lessly through the GitHub platform, fostering a transparent and collaborative
environment. Specifically, users can utilize the pull request system on GitHub to
propose modifications and improvements. This strategy not only promotes ac-
cessibility but also enhances the overall quality and integrity of the datasets. By
implementing a stringent review mechanism as part of the submission process,
the platform ensures that the available hypergraphs adhere to high standards
driven by the community, thus enriching the data’s exploitability for current
research challenges.

Technically speaking, our platform is made up of two main software com-
ponents: (i) a dataset manager and (ii) an interactive analytics manager. The
dataset manager is responsible for handling all aspects related to datasets, span-
ning from their creation to their possible publication on the site. This includes
various tasks such as dataset organization, maintenance, and ensuring seamless
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accessibility for users. The interactive analytics manager is dedicated to the com-
putation of hypergraph statistics, dataset search, and comparison. This compo-
nent provides users with robust capabilities for exploring and deriving insights
from the datasets through interactive and analytical features. Together, these
components synergize to offer a comprehensive and user-friendly environment
for managing, analyzing, and sharing hypergraph data on our platform.

In the following, we detail our platform, its underlying hypergraph model
(see Section 3.1), and its features, with a particular emphasis on the dataset
creation and uploading pipeline (see Section 3.2). Additionally, we delve into the
currently accessible analytics functionalities (see Section 3.3). More technical
details about how to contribute can be found in the repositories of the platform?,
the hypergraph database?®, or on the website FAQ page®.

3.1 Hypergraph representations in HypergraphRepository

Under the hood, HypergraphRepository exploits the SimpleHypergraphs.jl Ju-
lia library to represent and analyze the hypergraph datasets [2,4]. This library
represents a hypergraph H = (V, E) as an n X k matrix, where n is the num-
ber of vertices and k is the number of hyperedges. Vertices and hyperedges are
uniquely identified by progressive integer ids, corresponding to rows (1,...,n)
and columns (1,..., k), respectively. Each position (7,j) of the matrix denotes
the weight of the vertex ¢ within the hyperedge j. SimpleHypergraphs.jl also pro-
vides several constructors for defining meta-information type and enables the at-
tachment of meta-data values of arbitrary type to both vertices and hyperedges.
In this manner, the library naturally models a wide range of hypergraph types,
such as heterogeneous, weighted, attributed, and temporal hypergraphs.

Currently, SimpleHypergraphs.jl offers two mechanisms to load and save a
hypergraph from or to a stream. In our framework, we use the plain text storage
type (named HGF format). In this format, the first line consists of two integers
n and k, representing the number of vertices and the number of hyperedges of
H, respectively. The following k rows describe the structure of H; specifically,
each line represents a hyperedge as a list of all vertex-weight pairs within that
hyperedge. While this format’s simplicity facilitates seamless interoperability
among hypergraph software libraries, its drawback lies in the necessity to define
supplementary information (such as vertex metadata or hyperedge weights) in
separate files. Still, it is worth noting that the framework-agnostic nature of the
HGF format means it is not bound to the development of any specific library,
including SimpleHypergraphs.jl, in our case. For instance, this flexibility allows
users to upload directed hypergraph datasets, even though SimpleHypergraphs.jl
currently lacks support for these structures.

3 github.com/HypergraphRepository/website
4 github.com/HypergraphRepository/datasets
5 hypergraphrepository.di.unisa.it/f-a-q
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3.2 A community-driven hypergraph collection

As previously discussed, our project’s primary aim is to provide the research
community with a comprehensive and expansive hypergraph collection that can
evolve with the community’s interests. This approach enables users to actively
contribute by uploading their own datasets. Figure 1 summarizes the dataset

management pipeline.

Dataset submission

Request changes

{

Dataset
creation

Open/Modify
PR on GitHub

Lﬁsts failed.

Automatic
cl/cD

Triggers

Assign
Reviewer(s)

Merge into

main
repository

Y

Refresh
dataset
repository

Make new file
available as
resources

Collection update

Task
scheduler

ﬁ Every minute —l

Check
repository

New Retrieve categories or
dataset? Yes—  dataset typegs in the
information
database

v
Do nothing

Y

Compute
analytics

Update tables and

charts on the online
platform

Insert new

Fig. 1: Workflow of the dataset management pipeline.
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Given that the dataset repository, storing all the hypergraphs accessible on
the platform, is publicly accessible, any user can propose modifications. To fa-
cilitate this collaborative effort, we established a designated template to guide
the process of uploading a new dataset into the repository. The overall pipeline
comprises three main phases, described below.

Dataset creation phase. The first step of the pipeline is delegated to the end user
who intends to upload a novel dataset. The same process applies if a user
wants to modify existing hypergraph data. Upon forking the current dataset
repository, the user has to create a new folder for each additional dataset they
wish to contribute. This folder must include the hypergraph stored in the
HGF format, a markdown-formatted file offering a concise dataset descrip-
tion along with any supplementary information the user deems pertinent,
and a metadata file describing the hypergraph’s type (e.g., homogeneous,
temporal) and its application domain (e.g., social network, infrastructure
network). These three files are essential for initiating a successful pull re-
quest (PR) on the main repository. Moreover, the user has the option to
upload further files describing hypergraph features, such as node and vertex
labels, timestamps, and hyperedge weights.

Dataset submission. Once the user is satisfied with the dataset and any sup-
plementary data generated, they can submit all components to the central
dataset repository. Specifically, the user must initiate a PR via the GitHub
system, adhering to the provided template that outlines a checklist to be ful-
filled before officially requesting a merge. Figure 2 illustrates the template.

ddevin96 commented 2 weeks ago - edited ~ Member

Info

Pull Request Template
This serves as a template for adding a new dataset to the repository. Please complete the following
sections to assist the reviewers. You may remove this section before submitting the pull request.

Description

Describe your dataset here. You can explain its origin, content, and purpose. Please, add a link to
the original source of the dataset if possible. You can also add a bibtex snippet to properly cite the
dataset.

Checklist before requesting a review

I have included a folder named after the dataset.
I have incorporated the Reabme.md file. Please, refer to the Template for an example.

I have included the dataset's tags to the categories.info file. An example file is provided
here.

I have included the dataset as a dataset_name.hgf file. An example file is provided here.

(©)

Fig.2: PR template for adding or modifying a dataset.
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Upon opening the PR, the first round of Continuous Integration /Continuous
Development (CI/CD) starts. This automated process allows for validating
the PR integrity before assigning one or more reviewers. This mechanism
is handled through GitHub actions, which trigger specific Python scripts.
The first action verifies the presence of all requested files and ensures that
their format aligns with expectations (e.g., the hypergraph data adheres to
the HGF format). If any checks fail, the action will halt, and the bot will
promptly report the missing elements (as a comment on the PR), delineating
necessary revisions. If all these conditions are satisfied, two additional actions
come into play: assigning the appropriate label(s) to the PR (e.g., creation,
change, documentation) and the subsequent updating of the PR after each
new commit. Simultaneously, the final action, responsible for assigning a
reviewer to the PR, is triggered. Each reviewer is chosen randomly from a list
of volunteers, making this step a highly community-driven process open to
collaboration from anyone interested. At this point, the assigned reviewer(s)
can verify whether all uploaded files are compliant with the guidelines, and
eventually merge the new/modified dataset into the main repository. Taking
place on the GitHub platform, it is worth highlighting that the overall review
process is public and unblinded. Figure 3 shows the GitHub actions pipeline.

Add
automatic _ lAdd
comment on | reviewer(s)
PR
Check PR
integrity
; Update
Assign
label(s) > Iabel(s)lon
commit

Fig.3: CI/CD pipeline for validating PR integrity during dataset addition or
modification, along with the assignment of at least one reviewer.

Collection update. The final step of the pipeline is entirely automated and is
once again managed through CI/CD automation. This phase starts upon
the successful merging of the PR into the main repository. Specifically, the
server is configured to execute two primary scripts every minute.

— A Bash script triggers a pull operation on the dataset repository, cap-
turing every change made. Then, it updates a folder associated with
the public online collection, ensuring that all dataset files are promptly
updated and made accessible for download.
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— A Python script orchestrates all system calls, interacts with the GitHub
APIs, and updates the database. In particular, this script makes an exter-
nal call to a Julia script responsible for computing all metrics, statistics,
and plots for the newly added datasets. Leveraging the SimpleHyper-
graphs.jl library, the Julia script operates behind the scenes, enabling
the generation, manipulation, and analysis of hypergraphs at runtime. If
an existing hypergraph has been modified, the script verifies which prop-
erties have changed and subsequently updates all fields associated with
those changes. To accomplish this, we utilize the GitHub API to retrieve
the commit timestamps and verify which files have been updated. The
coordination between these two scripts ensures the seamless update of
newly computed values on the platform’s website.

3.3 An interactive hypergraph repository

This section overviews the features currently available on the platform. The de-
sign of these functionalities draws inspiration from established graph repositories
to provide users with a user-friendly and intuitive experience as they interact
with the web interface. At the time of writing, the web platform hosts two main
web pages. Table 1 summarizes the statistics currently available on the website.

Table 1: Currently available statistics.

Symbols Description

Y4 Number of nodes
|E| Number of hyperedges
dmas Maximum node degree
davg Average node degree
dmedian Median node degree
Cmax Maximum hyperedge size
€avg Average hyperedge size
€median Median hyperedge size

— The homepage provides users with an overview of the datasets accessible
on the platform, including key information such as the number of available
hypergraphs, the variety of hypergraph types and categories, and a summary
table detailing the notation conventions in use. Additionally, it lists the latest
updated hypergraphs. As shown in Figure 4a, users can access details about
dataset names, authors, categories, types, and the number of nodes and
hyperedges. The table also includes timestamps indicating when each dataset
was initially uploaded and when it was last modified. Finally, for a more in-
depth exploration of a specific hypergraph, users can click on the eye icon
to access its specific page.
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Latest updated graphs

Name Author Category Type Iv| 1] Updated at Created at

algebra ddevin96 Collaboration network undirected 423 1,268 Jan 5, 2024 15:43:50 Dec 20, 2023 10:50:03 (o]

amazon ddevin96 Online reviews undirected 5,000 1176  Jan 5, 2024 15:43:50 Dec 20, 2023 11:36:09 (o]

dblp ddevin96 Collaboration network undirected 71116 25,624 Jan 5, 2024 15:57:00 Dec 20, 2023 11:36:09 (-4

email-Enron  ddevin96 Email network undirected 2,807 5,000 Jan 5, 2024 15:57:00 Dec 20, 2023 11:36:09 °

email-W3C ddevin96 Email network undirected 5,601 6,000 Jan5, 2024 15:43:50 Dec 20, 2023 11:36:09 (]
Perpage 5 v Next

(a) Partial view of the HypergraphRepository’s homepage.

Group by v

Name Type Iv| |E| Amay Emax davg €avg Amed €med

algebra undirected 423 1,268 375 107 19.532 6516 10 4 View ., Download (0.07 MB)
amazon undirected 5,000 1176 4 6 1022  4.347 1 6 View 4, Download (0.05 MB)
dblp undirected 71116 25624 25 69 1244 3452 1 3 View L, Download (0.96 MB)
email-Enron undirected 2,807 5,000 786 25 7.662 4.301 2 2 View ., Download (0.2 MB)
email-W3C undirected 5,601 6,000 282 23 2.385 2.227 1 2 View .\, Download (0.12 MB)
Showing 1to 5 of 16 results Perpage 5 v 12 3 a4

(b) Partial view of the HypergraphRepository’s dataset page.

Fig. 4: The HypergraphRepository’s website.

— The dataset page showcases all hypergraphs within the collection, as shown
in Figure 4b. Beyond the information available on the homepage, this table
provides additional insights, such as the maximum, average, and median
node degree, as well as the maximum, average, and median hyperedge size.
Users can download a specific hypergraph of interest directly from this page,
with the file size conveniently displayed for reference.

Interactive hypergraph search and comparison. An essential feature for
any online data repository is the provision of two core functionalities: the ability
to search for specific datasets and the capability to compare them. In the follow-
ing, we elaborate on the implementation of these features within our platform.

Regardless of the page users visit, they can search for a specific dataset
through the tables presented in Figures 4a and 4b. More precisely, users can
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search for a hypergraph based on its name, author, category, or type. Addi-
tionally, while navigating the dataset page, users can group datasets based on
author, application domain (i.e., category), or type. Further, users can apply fil-
ters to hypergraph types and categories and define minimum thresholds for the
number of nodes or hyperedges. As illustrated in Figure 5, users can customize
the settings of the main table to identify the most relevant datasets for their
specific use cases. All numeric values are sortable in the table view, enhancing
the user’s ability to navigate and explore the datasets efficiently.

Domain v Ascending v
Name Type Ivi 15} Amax emax davg eavg ¢ Filters Reset
Domain: Biological Network Hgraph Types
attributed v
NDC-substances 5311 112,405 6,693 25 39136  1.849 2.06 MB)
undirected win [v]
Domain: Collaboration network ( 4500 3 }
dblp undirected 71116 25,624 25 69 1244  3.452 Min [g] 0.96 MB)
threads-ask-ubuntu undirected 125,602 192,947 2,332 14 2.759 1.796 3.79 MB)
Node degree median >=
threads-math-sx undiected 176,445 719,792 12,511 21 9127  2.237 7.03 MB)
Domain: Email network
Hedge size median >=
email-W3C undirected 5,601 6,000 282 23 2385 2227 (012 MB)
Domain: Online reviews
Node degree max >=
amazon undirected 5,000 1176 4 6 1.022 4.347 0.05MB)
Domain: Social networks
Hedge size max >=
twitter undirected 22,964 4,065 266 207 2.214 12.509 0.53 MB)
Showing 1 to 7 of 7 results Perpage 10 v

Fig. 5: Example of filtering and group by operations.

The tables accessible on both the home and dataset pages facilitate seamless
dataset comparison for users. Leveraging the table headers introduced earlier (see
Figure 4), users can effortlessly compare the datasets within the collection along
the dimensions defined. Although trivial, this approach offers users a bird’s-eye
view of the primary characteristics of the datasets. A more in-depth comparison
across datasets is the object of future work.

Interactive hypergraph analytics. Users can access a detailed view of each
dataset by clicking on the “view” button, as illustrated in Figure 6. Currently,
the user may access two different tabs reporting information about the dataset.

— The first tab reports all statistics computed for the given hypergraph, details
about the dataset creator, and the dates of both the upload and the most
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Hypergraph data Data Exploration

&, Download (0.06 MB)

Name [\ Amax €max

got 577 632 24
Categories |E| davg avg

undirected  temporal 4165 20.9948006932409 2.9085234093637453
Author dmeg med

ddevin96 3 2

Authorurl

https://github.com/ddevin96

Created at

2023-12-201

Updated at

2024-03-0109:23:22

README.md

Summary

This dataset contains data about the Game of Thrones (GoT) TV show. Each node represents a GoT character, while each hyperedge is a GoT
scene, linking all characters appearing in the same scene together.

Source

The original data source can be found at the following GitHub repository: https://github.com/jeffreylancaster/game-of-thrones.

This dataset has been used in the following papers:

Social imization in Hyp: phs (link).

Fig.6: A snapshot of the web page reporting the details of a hypergraph.

recent modification (retrieved through the GitHub APT). This page also ren-
ders the README file with all the information provided at the time of the
submission. Users are also provided with the option to download the dataset
directly from this page.

The second tab collects the interactive visualizations, providing users with
the ability to visualize various hypergraph properties. This functionality is
achieved by exploiting Chart.js%, a widely acclaimed and highly customiz-
able JavaScript library for data plotting. The incorporation of this library is
designed to facilitate the development of community-driven custom plugins
and the integration of features into our platform. Currently, our platform
supports the visualization of node degree and hyperedge size distribution,
visualized via a histogram and a scatter plot on a log-log scale, as shown in
Figure 7.

S https://www.chartjs.org/
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Node degree distribution
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Fig. 7. Examples of node-related interactive charts.

4 Conclusion

This work presented HypergraphRepository, the first open-source, community-
driven hypergraph repository. Implemented as a web-based platform, our project
alms to serve as a centralized hub for hypergraph datasets, fostering collabora-
tion, data quality assurance, and knowledge exchange within the hypergraph
research community. HypergraphRepository is in its infancy, and our ongoing
efforts focus on expanding the hypergraph collection in terms of both diversity
in the nature and size of hypergraphs. In future updates, we also intend to:

— Enhance the set of statistics describing each hypergraph, such as adding
descriptors for directed hypergraphs, information on the community compo-
sition, clustering coefficient, and high-order motifs [20];

— Offer users the option to select specific subsets of hypergraphs and directly
compare them on the platform;

— Introduce interactive and scalable visualization features [14];

— Offer programmatic APT access to the hypergraph database.

Acknowledgments. This work has been partially supported by the spoke “FutureHPC
& BigData” of the ICSC — Centro Nazionale di Ricerca in High-Performance Comput-
ing, Big Data and Quantum Computing funded by European Union — NextGenera-
tionEU.
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